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Adapters Library Adapters is an add-on to Hugging Face's Transformers Why Parameter-Efficiency? Supported Adapter Methods P S, .
/ Transformers \ _ q
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o Implemented: Bottleneck, Compacter, LoRA, (I1A)?, Prefix
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o Examples: Mix-and-Match adapters or Unipelt
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Code Demo: Configure adapters Why Modularity? Adapters uses composition blocks to enable modularity Example Compositions
import ada rs 1= . T A
[rpoxt sdepres . . _ _ 1. Standard Transformers e |[t's infeasible to have a specialized model for each use case.
from adapters import ConfigUnion, PrefixTuningConfigq, ParBnConfig
from transformers import AutoModelForSequenceClassification / model e There are a lot of low resource use cases with insufficient training data f Add & Norm ]\
model = AutoModelForSequenceClassification.from pretrained ("microsoft/deberta-v3-base") — Modular cgmpusitign enables transfer to new scenarios in a zero- or few-shot
adapters.init (model) 2. Add all adapter functionality setup Custom Adapters
adapter config = ConfigUnion( -+~ ) New adﬂpter
PrefixTuningConfig (prefix length=20) , _— 3. Define a CDmpIEX compnsition that can
ParBnConfig(reduction factor=4), transferto a new

adapter config

G
adapter Hub
with 700+ pretrained Adapters

scenario

(a) Stack (b) Fuse (c) Split (d) BatchSplit (e) Parallel (f) Average

) MAD-X Setup Ensemble Setup
model.add adapter("my adapter", config=adapter config, set active=Trus) \\ 4 Add & enable new transfer to new WE|ghtEd average the
languages by routing output of multiple task
\ through corresponding adapters
language adapter
Code Demo: Composing pre-trained adapters Adapter methods can match full fine-tuning performance Differences from AdapterHub v1 Summary
from adapters import AdapterSetup, AutcfAdapterModel S = S YT e e . A CerHUD 1 Adant
. o 0N 77 i uence Classification Regression pd Tagging apternup v apiers
import adapters.composition as ac 1 LDad ?a‘ui &: deEI W|th Method CoLLA MNLI MRPC QNLI QOP RTE SST.2 STS-B Cosmos QA SQuUADv2  CoNLL-2003 Avg. p p
from transformers import AumtoTokenizer Dev MCC  Dev Ace. Dev F1 Dev Ace. Dev F1 Dev Acc. Dev Ace.  Dev PCC Dev Acc. Dev F1 Test F1 . .
/ AdapterModel classes doubleseqbn 6358 S761 9331 9284 9158 8087 9473 9085 7099 84.89 9624 8614 Design Fork of Transformers Self-contained add-on Adapters...
- (=19.19) (£26.41) {£4.52) (£17.07) (£3683) (1109 (1751} (£27.18) (£16.87) {£5.52) (=17.65) (218,17}

71.22 875 9291 9315 8969  79.42 95.18 89.44 69.68 82.88 96.21 86.12 Adapter methods 2 10 - . .

model = AutoAdapterModel.from pretrained ("roberta-base") SEADN 5%40)  (£2039) (2456 (EISEY (2130 (2981)  (£1326)  (£203%)  (£1644) (104) (£1148)  (21434) _ P | e s an add-on to Transformers for easy parameter-efficient fine tuning and
: i : . ) 6395  87.44 9324 9304 8832 7798 94.95 90.33 80.10 82.56 91.95 85.81 -

tokenizer = AutoTokenizer.from pretrained("roberta-base"”) 2. Load adapters PAFBN oiga)  (42166) (44650 (£1726)  (£3304)  (£1095)  (£1697) (£5.64) {(£18.47) (£6.70) (£27.60) {£16.98) Complex conﬁguratlons X modular transfer

5552 8610 9043 9242 8668 6859 94.15 90.06 67.91 79.20 91.27 82.03 . .

/ from i or ﬁ COMPACLET (/136  (£199)  (£3.58)  (£268)  (4204)  (2491) (£0.81) (£23.27) (£10:42) (£8.87) (£8.58) (£7.36) Composition blocks X (6} L Suppﬂﬂs 10 different adap’[er methods for 20 different models
Z 61.62 8698 9106 9246 8707  TLI2 95.18 90.13 66.13 78.16 95.15 £3.19 l | . o
ge = model.load adapter ("AdapterHub/roberta-base-pf-trec") prefix_tuning ., o3  (rison  (£409) (5955 (H1S58)  (£606)  (£0S8)  (£2923) (+340) (£241) (£249)  (£834) _ e comes with 6 composition blocks for easy transfer
sent = model.load adapter ("Adapterub/roberta-base-pf-imdb") . 6399  §7.59 9260 9311 8848 8026 9499 9072 70.63 8246 91.85 85.15 Model architectures 3 20 . .
OT3 (42064)  (£429) (2430 (£37T)  (2257)  (4928)  (£848)  (£193]) (4:8.65) (£8.586) (£2168)  (£10.17) ° pTDUIdES access to 700+ pretralned adapters
ja3 6303 8619 9232 0188 8641 7689 9442 9065 66.85 78.52 91.56 83.52 AdapterHub.ml/HFHub v 4 /

{+21.39) {45.08) (£3.94) (+3.73) {£13.46) (£7.17) (£2.13) (429.16) [ 49.69) (410,113 (+£21.94) (#11.62) . tE ratiﬂ n

with AdapterSetup(ac.Parallel(ge, sent)): - 3. Dynamically activate Full Fine-tuning  63.66  87.63 9020 9281 9192 7877 94.81 91.20 68.87 82.91 95.23 85.27 Integ

print (model (**tokenizer ("What is AdapterHub?", return tensors="pt"))}) . .
- CDmpDSITIDHS Using roberta-base as base Transformer model
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